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Abstract: This paper makes a comparison of several classical correlation coefficients, such as
Pearson product-moment correlation coefficient, Spearman correlation coefficient, Distance
correlation coefficient, Maximum information coefficient and HHG. Practically, under dif-
ferent data scale and noise level, the association of linear, nonlinear and non-function varia-
bles is studied respectively, and the statistical power of each correlation coefficient is ob-
tained. It is found that Pearson product-moment correlation coefficient and Spearman correla-
tion coefficient is more suitable to measure the linear and nonlinear monotonic association,
and the Maximum Information Coefficient is more suitable to measure the association with
periodicity, HHG is a better measure of non-functional association. The research of this pa-

per can provide the choice for mining different correlation coefficient.
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